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A New Perspective on Consumer Ethnocentrism and Its Selected Factors
Using Ordinal Logistic Regression

Marian Cvirik, Grzegorz Maciejewski, Martina Kosikova, Katarina Gubiniova,
and Silvia Komara

Abstract. Consumer ethnocentrism has become an increasingly important research topic in the
era of digitalisation, which has accelerated globalisation, enhanced cultural openness, improved
product traceability, and potentially reduced ethnocentric purchasing behaviour while
reshaping its underlying determinants. This study aims to advance the understanding of
consumer ethnocentrism, which, within an increasingly multicultural global society, represents
an important area of research across marketing, business, sociology, psychology, and other
social science disciplines. Specifically, the study investigates consumer ethnocentrism using
the Consumer Ethnocentric Tendencies Scale (CETSCALE) and examines the effects of
gender, generational cohort, and place of residence through ordinal logistic regression. Unlike
conventional comparative approaches, ordinal logistic regression enables the estimation of
response probabilities, thereby providing deeper insights into the relationships between socio-
demographic characteristics and consumer ethnocentrism. In addition, the analysis is conducted
at the level of individual CETSCALE statements rather than relying solely on aggregated
scores, allowing for a more nuanced interpretation of respondents' attitudes. The empirical
study is based on primary data collected from 491 respondents using a quota sampling design.
The findings indicate that generational cohort and place of residence significantly influence
selected dimensions of consumer ethnocentrism, whereas no statistically significant effect of
gender was identified. Furthermore, several CETSCALE statements were evaluated almost
identically across respondent groups, highlighting the importance of statement-level analysis.
The findings have practical implications for marketing management, sociology, and consumer

psychology.

Keywords: consumer ethnocentrism, CETSCALE, ordinal logistic regression, factors of
consumer ethnocentrism, globalisation and digitalisation barrier.
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1. Introduction

Dynamic changes reflecting the crises affecting consumers driven by digitalisation are creating
a paradigm shift in consumer behaviour [1,2]. Consumer ethnocentrism can represent a barrier
to internationalisation and digitalisation, with consumers with high levels of ethnocentric
tendencies being more oriented towards traditional systems and values. In the context of
ethnocentrism definitions, consumer ethnocentrism can be viewed from the perspective of the
domestic country (in-group) and the foreign country (out-group) [3]. Thus, consumer
ethnocentrism acts in terms of strengthening the competitiveness of domestic production [4-6]
and as a potential barrier to foreign trade [7,8], indicating the broad application of this concept
in the business sphere.

In the context of the virtual economy and the online environment, the research presents a new
perspective whereby the online environment limits the visibility of the origin of the product [9],
provides high availability of foreign products, and thus increases the international offer [10].
The online environment thus provides a good environment for international diversity of offer,
while consumer ethnocentrism represents a barrier to international trade [11].

A key factor for the practical use of the concept of consumer ethnocentrism is understanding
its extent within a country and across different market segments [12], with the CETSCALE
measurement tool being the most commonly used [4,13-15]. However, measuring consumer
ethnocentrism is often accompanied by limitations [6,16-19]. First and foremost, consumer
ethnocentrism is often studied based on the cumulative CETSCALE index, neglecting a deeper
exploration of individual statements. This may lead not only to higher limits in interpretation
but also to constraints in its application.

Additionally, the use of statistical methods to examine differences between groups (e.g., based
on gender or generation) often only provides basic information, and frequently lacks
verification of the potential for using the applied statistical methods. This creates an opportunity
for the use of alternative methodologies and approaches in measuring and exploring differences
within consumer ethnocentrism. Some studies [16,20,21] focus their research on examining
differences between groups based on the comparison of central values (parametric and non-
parametric tests of differences). In this context, logistic regression is more flexible and provides
more detailed information. The key difference from ANOVA, Kruskal-Wallis, or t-tests, which
only compare differences between groups, is that logistic regression allows for the prediction
of probabilities and estimation of the size of differences, providing a deeper understanding of
the relationships between the groups of factors.

The aim of the presented article is to explore consumer ethnocentrism and its potential factors
(gender, generational affiliation, and residence) using modern statistical methods, with a focus
on logistic regression.

2. Literature Review

Consumer ethnocentrism is the belief that purchasing domestic products is morally and
economically correct, while imported products may be perceived as a threat to the local
economy [22]. Cvirik [21] understands consumer ethnocentrism as a synthesis of ethnocentrism
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and consumer behaviour, representing a significant complex of factors and effects. By
identifying the extent of consumer ethnocentrism and its potential factors, we can estimate
interest in domestic and foreign production, as well as set the planning of the marketing mix
and strategies [4-6,23].

Identifying ethnocentric tendencies in consumer behaviour is an essential resource when
developing business strategies, as consumer ethnocentrism is an influential and shaping factor
in consumer behaviour, which inherently intersects all groups of consumer behaviour factors.
Consumers with a high level of consumer ethnocentrism tend to prefer domestic products when
making purchases [20] and reject foreign products [24]. From the perspective of consumer
ethnocentrism theory, the reason for this behavioural intention is the desire to improve the
economic situation of the domestic country [25]. Research shows that consumers with a high
degree of ethnocentrism tend to prefer products from their own country because they view these
purchases as a way to support local producers and protect jobs [26]. This preference is often
based on emotional factors, with studies revealing that consumers with higher ethnocentrism
are willing to sacrifice some level of quality or price in favour of domestic products [23,27].

In this context, consumer ethnocentrism is particularly important in international marketing, as
it represents a potential barrier for foreign products (businesses) [7,8], which can also pose a
limitation for businesses [28]. From the perspective of digitalisation and technological progress,
ethnocentric consumers may be more conservative and less open to the world, suggesting a
potential barrier to the development of digital commerce [29,30]. Research also indicates that
the level of consumer ethnocentrism can change over time, depending on the macroenvironment
of the country, with a particular emphasis on the country's economic situation [31-35]. This
suggests the need for periodic and continuous measurement of consumer ethnocentrism.

Another significant aspect is the influence of demographic factors on consumer ethnocentrism.
In general, a number of factors can be identified as contributing to consumer ethnocentrism,
with demographic factors such as gender [16,21,22,26], age groups [14,36], and residence
[4,37] being key. However, contradictions in research and mixed results are often observed
[18,38]. One reason for this could be the changing nature of ethnocentric tendencies over time.
Additionally, different factors may have varying impacts on different ethnic groups [15,33,39].

3. Data and Methods

The measurement of consumer ethnocentrism was carried out using CETSCALE [40], which
appears to be a valid [41] and reliable [4,33] tool with universal applicability across ethnic
groups [15,21]. The tool consists of seventeen statements to which respondents react based on
their level of agreement. In our case, a three-point agreement scale is used: agree, neutral, and
disagree. Since the tool is unidimensional [13,19], we also verified its reliability using
McDonald's o and Cronbach's a, with values recommended to be at least above 0.7 [42]. The
results suggest a high level of reliability estimation (McDonald's ©®=0.928; 95%CI =<0.919-
0.937>; Cronbach's 0=0.927; 95%C1=<0.917-0.936>), and it is important to note that in the
analysis of individual items, no statement indicated an increase in reliability after its removal.

The population was defined as consumers of Slovak nationality aged 15 to 59 years. This means
that when creating the sample, it was necessary to reflect the criteria of nationality and age. The
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nationality criterion is key in defining consumer ethnocentrism, as it is tied to a specific ethnic
group. From the age perspective, the age range reflects Generations X, Y, and Z, which are
currently productive and active generations, dominant both in the labour market and the
consumer market. It is also expected that, from the age of 15, consumers already develop
purchasing habits [43], at which point their consumer behaviour and perception of the economic
situation of their home country can be shaped, which may manifest in consumer ethnocentrism.
The age limit of 15 years also has ethical reasons. After cleaning, the sample size consisted of
491 respondents. Given the population size (3,245,175), we can expect, with a 95% confidence
level, that our results will deviate by a maximum of +4.42% in the population, which is
acceptable. The sample was a quota sample, which can be considered representative in the
context of the defined population and quotas [44,45]. We applied generational segmentation
based on recommendations for the Slovak population. Quotas were applied based on the
Statistical Office of the Slovak Republic [46]. The characteristics of the sample are presented
in Table 1.

Table 1. Sample Characteristics.

Variable Value Quotas [%] Quotas applied [pcs.]
Gender Men 51 251
Women 49 240
Generation X 35.4 174
Generation Generation Y 38.5 189
Generation Z 26.1 128
. City (Urban) 62.2 305
Residence - ntryside (Rural)  37.8 186

Source: Own Processing.

The character of the sample thus provides a good basis for examining individual factors as well
as the possibilities for generalisation. The paper employs several scientific methods with an
emphasis on statistical analysis. In terms of statistical analysis, we use elements of descriptive
and inductive statistics. For a deeper understanding of the relationships between the analysed
variable and individual factors, we then apply ordinal logistic regression. This approach allows
us to quantify the impact of individual factors on the probability of different response levels
occurring. Additionally, we also use the Least Squares Means (LS Means) method for a more
precise interpretation of differences between groups. A key assumption for applying logistic
regression is that the dependent variable must be qualitative [47]. Depending on the number of
levels of the dependent (response) variable, logistic regression is classified into binary logistic
regression, when the dependent variable is dichotomous, and multinomial logistic regression,
when the dependent variable has more than two categories. In cases where the dependent
variable has more than two categories and exhibits a natural order, an extension of logistic
regression—ordinal logistic regression—is appropriate [48]. Since our dependent variable
reflects levels of agreement with each ethnocentric statement (agree, neutral, and disagree) and
can be considered ordinal, we adopt this approach. Assuming that the distances between
adjacent levels are unknown, we employ the cumulative logit model. This method allows us to
account for the ordered nature of the data while avoiding the unrealistic assumption of equal
intervals between response categories.
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Based on Agresti [49,50] let y denote an ordinal response variable and P(y<j) denote the
probability that the response falls in category j or below (i.e., in category 1, 2, ..., or j). This is
called a cumulative probability. In our case, with three categories, the cumulative probabilities
are:

Py=1D,Py<2)=Py=1D+Ply=2), 1)

and the final cumulative probability uses the entire scale, so P(y < 3) = 1.
For a response variable with c categories, there are ¢ cumulative probabilities, with their order
reflecting the natural ordering of the response scale. These probabilities satisfy:

Py<s1)<P(y<2)<-+<Ply<o)=1 (2)
The odds of response in category j or below are given by the ratio:

P(y<j)
P(y>)) (3)

To model these odds, we use the logits of the cumulative probabilities [50]. In our case, with
¢ = 3, the logit transformation will allow us to quantify the relationship between the predictors
and the cumulative probabilities across the ordered response categories. The logits are:

] _ P(y=1)] _ Piy=1)
logit[P(y = 1)] = log [P(J’>1)] = log [P(y=2)+P(y=3) “

Cumulative logit model for an ordinal response assumes that the log-odds are a linear function
of the predictors and that the relationship between the predictors and the response is the same
across all cumulative logits—a property known as the proportional odds assumption. This
relationship [49] is given by:

. . P(ysj .
logit[P(y < j)] = log [%] =a;+px, j=12,..,c— L (6)

The model requires a separate intercept parameter a; for each cumulative probability. The

parameter of the main interest, 8, describes the effect of x on y. The effect of x increases as | 3]
increases. 8 does not have a j subscript, because it has the same value for each cumulative logit.
Model fitting treats the observations as independent and assumes they follow a multinomial
distribution, which generalizes the binomial distribution to account for multiple outcome
categories instead of just two. The parameters are estimated using all cumulative probabilities
simultaneously [49,50]. The model parameters are estimated using the maximum likelihood
estimation (MLE) method, which maximizes the likelihood function to determine the
probability distribution and parameters that most effectively explain the observed dataset [51].
The significance of our models will be evaluated using three chi-square tests: The Likelihood
Ratio Test, the Score Test, and the Wald Test. According to Allison [52], for sufficiently large
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datasets, it is not necessary to prefer one of these tests over the others, as their results tend to
converge in large samples.

We test the null hypothesis over alternative hypothesis:

Hy: B. = O (7
Hy: B # Oy 8
where 3, represents the vector of individual regression coefficients, and 0Oy is a null vector.

To assess the quality of the model, we will use the c-statistic, a measure of association that
quantifies the relationship between the predicted probabilities of the dependent variable and its
actual observed values. Higher values of the c-statistic indicate better model performance in
predicting outcomes. The c-statistic ranges from 0.5 to 1. A value of 0.5 indicates no predictive
ability (equivalent to random guessing) and value close to 1 reflects excellent predictive
accuracy, meaning the model effectively distinguishes between different outcomes. This metric
provides a straightforward and interpretable assessment of the model’s capacity to make
accurate predictions [53].

Unlike conditional means, which are derived directly from the data in the form of arithmetic
averages, marginal means are estimated from the model. One of their key advantages is the
ability to correct for imbalances in the data set — such as differences in group sizes or other
systematic biases that may affect classical arithmetic averages. While arithmetic averages
assign weight to categories based on their frequency, marginal means assign equal weight to
each category, making them more robust when analysing unbalanced data. This property is
particularly useful when interpreting the results of models involving interactions between
factors, where imbalances can significantly affect the outcomes. Furthermore, LS means
provide an interpretation that reflects the average values for categories of independent variables,
assuming all other variables in the model are controlled [54].

4. Results
To present the results of the primary survey in order to achieve the objective, we will proceed
systematically. Firstly, we focused on describing the results in the context of response

frequencies (Table 2).

Table 2. Frequency of Responses for Individual Statements.

Statement™ Code Disagreement  Neutral  Agreement
SIovak_people_s_houId_alwa_ys_buy_SIovak— c1 309 218 473
made_products_instead_of imports. -
Only_those_products_that_are_unavailable_in_
the_Slovak _Republic_should_be_imported. C2 305 183 512
Buy_SI_ovak-que_products,_keep_SIovak_ C 3 10.8 10.8 78.4
Republic_working. -

Slovak_products,_first, last, and_foremost. C4 22 19.8 58.2
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Purchasing_foreign-made_products_is_un-

) C5 62.5 23.8 13.7
Slovakian. -
It_|s_notTr|ght_to_purchase_forelgn_products,_ C6 54.4 4.8 20.8
because it puts_Slovaks out of jobs.

A _real_Slovak_should_always_buy Slovak — C.7 56.8 214 218

_made_products.
We_should_purchase_products_manufactured
in_Slovak_Republic_instead of letting_other cs8 29.3 23.4 47.3
countries_get_rich_off_us.
It_is_always_best_to_purchase_Slovaks_

C9 30.1 24.5 45.4
products. -
There_should_be_very_little_trading_or_purc
hasing_of_goods_from_other_countries_unles C_10 38.9 26.1 35
s_out_of necessity.

Slovaks_should _not_buy foreign_products, bec
ause_this_hurts_Slovaks_business_and causes. C_11 46.4 26.1 27.5
unemployment.

Curbs_should_be_put_on_all _imports. C 12 50.1 24 25.9
It_may _cost_me_in_the_long-

run_but | prefer to support_Slovak products. C_13 29.1 22.6 48.3
Foreigners_should_not_be_allowed_to_put_thei C 14 76.4 14.8 8.8
r_products_on_our_markets. -
Foreign_products_should_be_taxed heavily

to_reduce_their_entry_into_the_Slovak Repu C 15 61.1 19.3 19.6
blic.

We_should_buy_from_foreign_countries_only

those_products_that we_cannot_obtain_within_  C 16 43.6 17.3 39.1

our_own_country.

Slovak_consumers_who_purchase_products_

made_in_other_countries_are_responsible for  C_17 59.1 23.6 17.3
putting_their_fellow Slovaks out of work.

Notes:* based on Shimp and Sharma [40] modified for Slovakia [21]; ** results are in percentages.
Source: Own Processing.

The results suggest that around ten to twenty-five percent of respondents remained neutral. The
result itself indicates a high degree of variability. Respondents most strongly agreed with
statement number three, "Buy Slovak-made products, keep Slovak Republic working," while
they most strongly disagreed with statement number fourteen, "Foreigners should not be
allowed to put their products on our markets"”. Overall, it can be stated that in the case of seven
statements, agreement was dominant, while in the case of ten statements, disagreement was
dominant. This may indicate a certain disparity within the concept of consumer ethnocentrism
as measured by CETSCALE. It could also suggest the influence of demographic factors in the
perception of individual statements.

The next section will delve deeper into the relationships using ordinal statistical regression
models and the LS means method. Each of the 17 ethnocentrism-related statements was
modelled independently, with the response to the statements serving as the dependent variable
and the reference category designated as “Agree”. Each model was structured to include only
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one independent factor, allowing for the separate analysis of the three factors — generation,
gender, and residence. In total, 51 models were constructed to comprehensively examine these
relationships.

Before performing the analysis and estimating the models, it was essential to verify the
fulfilment of the basic assumption of proportional odds, which is a key condition for the
application of ordinal logistic regression. Validation of this assumption was carried out using
the Score Test for the Proportional Odds Assumption, which allows for assessing the
consistency of the effects of independent variables on the log odds across all categories of the

dependent variable (see Table 3).

Table 3. Score Test for the Proportional Odds Assumption.

Response variable  Generation Residence Gender
C1 p=0.7938 p=0.2124 p=0.8796
C2 p=0.1126 p=0.5189 p =0.1397
C.3 p=0.7638 p=0.0946 p=0.8375
C4 p=03837 p=09778 p=0.2019
C5 p=07623 p=0.7783 p=0.0607
C 6 p=09901 p=0.2908 p=0.0158
C7 p=05789 p=0.7729 p =0.0369
C_ 8 p=0.7346 p=0.5078 p=0.0333
C9 p=03278 p=0.8681 p=0.0637
C 10 p=05509 p=0.1272 p=0.3623
C 11 p=03756 p=0.1042 p=0.0366
C 12 p=0.2470 p=0.0600 p=0.0139
C_13 p =0.0602 p=0.6670 p=0.2083
C 14 p=0.0232 p=0.8951 p=0.0210
C 15 p=04948 p=0.4272 p =10.0476
C 16 p =0.5207 p=0.6906 p=0.3960
C 17 p =0.0875 p=0.4843 p = 0.0405

Source: Own Processing in SAS Enterprise Guide.

Based on the results (Table 3), in all cases, the resulting p-value exceeded the significance level
of @=0.01, indicating that the assumption of proportional odds was not violated. This result
allowed for the subsequent application of ordinal logistic regression models to the analysed
data. At the same time, the findings confirmed that the effects of the independent variables were
stable and consistent across all categories of the observed variable, ensuring the robustness and
reliability of the estimated models. The fulfilment of the proportional odds assumption enabled
the analysis of the estimated models. Each factor — generation, place of residence, and gender
— was analysed separately within individual models. In the next section, we will focus on the
significance of the considered factors and the interpretation of the odds ratios (Table 4).

The estimated odds ratios for each generation indicate that respondents from Generation X and
Generation Y were less likely than those from Generation Z to disagree with, or remain neutral
towards, the presented statements. The most significant difference between Generation X and
Generation Z, as well as between Generation Y and Generation Z, was observed for statement
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C_4. Respondents from Generation X had 3.12-fold lower odds of disagreeing or responding
neutrally to this statement than respondents from Generation Z. For Generation Y, this odds
ratio was 2.07-fold lower than that observed for the youngest generation. Conversely, the
highest similarity in responses between generations was observed for C_16 when comparing
Generation Y with Generation Z, where the odds ratio was close to 1 (OR = 0.999).

Table 4. Significance of the Considered Factors and Odds Ratio Estimates.

Response Generation Residence Gender
variable XvsZ YvsZ rural vs town female vs male
c1 0.475 0.702 0.650 1.003

- *+* (p = 0.0032) ** (p = 0.0147) ns (p = 0.9838)
C 2 0.495 0.619 0.594 0.773

- *+* (p = 0.0059) *+* (p = 0.0038) ns (p = 0.1348)
C 3 0.391 0.832 0.796 0.688

- **x (p = 0.0038) ns (p = 0.3203) * (p = 0.0897)
C4 0.321 0.483 0.734 0.738

- *+x (p < 0.0001) * (p = 0.0936) * (p = 0.0870)
Cs 0.550 0.880 0.813 1.197

- *x (p = 0.0186) ns (p = 0.2658) ns (p = 0.3231)
C6 0.492 0.817 0.888 0.926

- *x* (p = 0.0033) ns (p = 0.5028) ns (p = 0.6558)
C 7 0.475 0.991 0.698 1.133

- *+* (p = 0.0003) ** (p = 0.0447) ns (p = 0.4760)
Cs 0.473 0.807 0.749 0.828

- *+x (p = 0.0017) * (p = 0.0986) ns (p = 0.2649)
Co 0.592 0.659 0.588 0.749

- ** (p = 0.0428) *xx (p = 0.0025) * (p = 0.0859)
C 10 0.558 0.754 0.649 0.993

- ** (p = 0.0256) ** (p = 0.0123) ns (p = 0.9645)
c 11 0.569 0.857 0.705 0.897

- ** (p = 0.0220) ** (p = 0.0437) ns (p = 0.5197)
C 12 0.554 0.851 0.797 1.019

- ** (p = 0.0159) ns (p = 0.1942) ns (p = 0.9132)
C 13 0.359 0.467 0.800 0.834

- *x% (p < 0.0001) ns (p = 0.2026) ns (p = 0.2845)
C 1 0.534 0.598 0.656 0.952

- * (p = 0.0873) ** (p = 0.0480) ns (p = 0.8144)
C 15 0.375 0.649 0.631 1.032

- *+x (p = 0.0002) ** (p =0.0121) ns (p = 0.8596)
C 16 0.587 0.999 0.720 1.108

- ** (p =0.0116) * (p = 0.0605) ns (p = 0.5438)
C 17 0.618 0.856 0.902 1.109

- * (p = 0.0875) ns (p = 0.5715) ns (p = 0.5590)

Note: Statistical significance: *** 0.01, ** 0.05, * 0.1, ns — not statistically significant.
Source: Own Processing in SAS Enterprise Guide.
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Overall, the odds ratio estimates indicate generational differences in the level of agreement with
the analysed statements, reflecting varying degrees of consumer ethnocentrism. Generation X,
representing the oldest cohort, exhibited the highest likelihood of agreement, indicating
stronger ethnocentric attitudes than Generation Z, the youngest cohort. Likewise, Generation Y
also demonstrated a higher likelihood of agreement than Generation Z; however, this difference
was less pronounced than that observed between Generation X and Generation Z.

In the case of the factor of place of residence, the estimated odds ratios reveal a significant
difference in the level of agreement with the analysed statements between respondents. For all
statements, it was demonstrated that respondents living in rural areas have a lower chance of
disagreement or neutral response to a statement compared to respondents living in urban areas,
suggesting a higher degree of ethnocentrism among the rural population. The most pronounced
differences in responses were observed for statement 9 (OR=0.588; p=0.0025) and statement 2
(OR=0.594; p=0.0038), while the highest agreement in responses among respondents was
significantly shown for C_17 (OR=0.902; p=0.5715), C_6 (OR=0.888; p=0.5028), and C_13
(OR=0.800; p=0.2026).

Based on the estimated odds ratios, it can be concluded that gender, as another considered
factor, does not show significant differences in responses between men and women for most of
the presented statements, as evidenced by the resulting p-values, which are considerably higher
than the significance level a. This result suggests that the attitudes of men and women towards
the analysed statements are essentially identical, indicating the absence of gender differences
in ethnocentric attitudes.

The lack of differences in responses between men and women may be a result of the universal
distribution of ethnocentric attitudes within the population, shared social norms that influence
both genders in the same way, or the research itself, which did not emphasise topics prone to
gender differences. The results suggest that gender is generally not a significant factor in
shaping ethnocentric attitudes, compared to other analysed factors (such as generation or place
of residence), which play a much more important role in the formation of such attitudes. The
finding that men and women respond similarly underscores the need to focus on other factors
that may play a more significant role in shaping ethnocentric attitudes.

In the further research, we assessed the predictive ability of the estimated ordinal logistic
regression models using the c-statistic (Table 5), which represents the degree of agreement
between the estimated probabilities and the actual responses of the respondents. The values of
the c-statistic in all analysed models ranged from 0.5 to 0.6, reflecting a lower level of predictive
ability of the models.

Table 5. Prediction performance of estimated models (predictive ability of estimated models)

Association of Predicted

Probabilities and Observed Model Fit Statistics
Responses
Response C Likelihood Ratio Score Wald
variable
Cc1 Generation 0.570  #xx (p = 0.0030) #*x(p = 0.0031) =*xx(p = 0.0032)
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Residence 0.545 ** (p =0.0138) *x(p =0.0137) *x(p =0.0147)
Gender 0500 ns(p=09839) ns(p=0.9839) ns(p=0.9839)
C2 Generation 0.564  xxx (p = 0.0066) *xx(p =0.0075) =*x*x*(p = 0.0059)
Residence 0.554 %% (p = 0.0036) =*x*x (p = 0.0039) == (p = 0.0038)
Gender 0529 ns(p=0.1342) ns(p=0.1343) ns(p =0.1348)
C3 Generation 0.592  xxx (p = 0.0024) *xx(p = 0.0033) #*x*x*(p = 0.0038)
Residence 0525 ns(p=0.3184) ns(p=0.3234) ns(p=0.3203)
Gender 0544  «(p=0.0880) *(p=00888) x*(p=0.0897)
C_ 4 Generation 0.605  #xx (p < 0.0001) =x*x(p <0.0001) =xx(p <0.0001)
Residence 0.533 * (p = 0.0919) * (p = 0.0933) * (p = 0.0936)
Gender 0.534 * (p = 0.0863) * (p = 0.0865) * (p = 0.0870)
C5 Generation 0.562 ** (p =0.0183) **x(p =0.0173) *x(p = 0.0186)
Residence 0523 ns(p=0.2672) ns(p=0.2664) ns(p=0.2658)
Gender 0521 ns(p=0.3224) ns(p=0.3224) ns(p=0.3231)
C_6 Generation 0.570  *xx (p = 0.0032) *xx (p = 0.0032) =*x*x*(p = 0.0033)
Residence 0513 ns(p=0.5014) ns(p=0.4994) ns(p=0.5028)
Gender 0509 ns(p=0.6546) ns(p=0.6549) ns(p =0.6558)
C 7 Generation 0.578  xxx (p = 0.0003) *xx (p = 0.0003) =*x*x* (p = 0.0003)
Residence 0.539 wx (p = 0.0448) *x(p = 0.0440) == (p = 0.0447)
Gender 0514 ns(p=0.4754) ns(p=04754) ns(p =0.4760)
cC3s8 Generation 0.572  #xx (p = 0.0015) #x*x(p = 0.0016) =*xx(p = 0.0017)
Residence 0.531 * (p = 0.0969) * (p = 0.0968) * (p = 0.0986)
Gender 0521 ns(p=0.2641) ns(p=0.2641) ns(p =0.2649)
C.9 Generation 0.547 ** (p = 0.0449) **x(p =0.0473) **x(p = 0.0428)
Residence 0.555  xxx (p = 0.0024) *xx (p = 0.0025) =*** (p = 0.0025)
Gender 0.532 * (p = 0.0852) * (p = 0.0854) * (p = 0.0859)
C_10 Generation 0.555 ** (p =0.0236) #*x(p =0.0229) *x(p = 0.0256)
Residence 0.546 #* (p =0.0116) **x(p =0.0112) *x(p =0.0123)
Gender 0501 ns(p=0.9645) ns(p=0.9645) ns(p =0.9645)
c 11 Generation 0.555 ** (p =0.0227) #*x(p =0.0238) *x(p = 0.0220)
Residence 0.537 wx (p = 0.0425)  *x(p = 0.0411) ** (p = 0.0437)
Gender 0512 ns(p=0.5185) ns(p=0.5186) ns(p =0.5197)
C 12 Generation 0.558 ** (p =0.0167) **x(p =0.0177) =**(p = 0.0159)
Residence 0524 ns(p =0.1974) ns(p=0.2002) ns(p=0.1942)
Gender 0502 ns(p=0.9130) ns(p=0.9130) ns(p=0.9132)
C_13 Generation 0.590  x*xx (p < 0.0001) =*xx(p <0.0001) ==*x(p < 0.0001)
Residence 0523 ns(p =0.2024) ns(p=0.2039) ns(p=0.2026)
Gender 0520 ns(p=0.2840) ns(p=0.2840) ns(p =0.2845)
C 14 Generation 0555  x(p = 0.0759)  *(p = 0.0885) = (p = 0.0873)
Residence 0.548 xx (p = 0.0489) *x(p =0.0471) *x (p = 0.0480)
Gender 0506 ns(p=0.8140) ns(p=0.8140) ns(p =0.8144)
C_15 Generation 0.593 % (p = 0.0001) **xx(p =0.0001) #*x**x(p =0.0002)
Residence 0.550  xx(p = 0.0125) #x(p = 0.0124) *x (p = 0.0121)
Gender 0504 ns(p=0.8594) ns(p=0.8594) ns(p =0.8596)
C_16 Generation 0.555 ** (p=0.0113) **x(p =0.0116) *x(p =0.0116)
Residence 0.535 * (p = 0.0598) * (p = 0.0595) * (p = 0.0605)
Gender 0512 ns(p=0.5436) ns(p=0.5435) ns(p =0.5438)
C 17 Generation 0548  x(p = 0.0891) *(p =0.0903) =« (p = 0.0875)
Residence 0511 ns(p=0.5709) ns(p=0.5696) ns(p=0.5715)
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Gender 0.512 ns (p = 0.5585) ns(p =0.5585) ns(p =0.5590)

Note: Model significance: *** 0.01, ** 0.05, * 0.1, ns — not statistically significant.
Source: Own Processing.

To verify the statistical significance of the models, we used three basic tests: the Wald test, the
likelihood ratio test, and the Score test. The results of these tests clearly confirmed that the
statistical significance of the model as a whole is closely associated with the significance of the
included factors. Models that included a statistically significant factor demonstrated overall
significance, indicating their suitability for describing the examined relationships (e.g., C_4).
In contrast, in cases where a factor (primarily gender, and in some models, place of residence)
did not show statistical significance, the model itself was also not significant (p-values were
higher than the significance level).

Finally, we focused on the analysis of marginal means (Table 6), which allowed us to examine
the relationships between the categories of the observed factors in greater detail. This analysis
provided an additional perspective on the differences in responses and helped identify
significant relationships that were not directly apparent from the odds ratio estimates for the
generation factor.

Table 6. Estimate and Significance of Differences in Marginal Mean Values of Individual

Factor Categories in Terms of the Analysed Variable.

Generation Residence Gender
XvsY XvsZ YvsZ rural vs town female vs male
C1 -0.3902 -0.7441 -0.3539 -0.4306 0.003438
ns/+ (p = 0.0503) *x (p = 0.0007) ns/* (p =0.0981) =*x (p = 0.0142) ns (p = 0.9838)
C2 -0.2239 -0.7031 -0.4792 -0.5218 -0.2570
ns (p = 0.2659) x**x (p = 0.0018) =*x (p = 0.0276)  **x (p = 0.0039) ns (p = 0.1346)
C3 -0.7563 -0.9401 -0.1838 -0.2279 -0.3740
x+* (p = 0.0066) *xx (p = 0.0015) ns (p = 0.4721) ns (p = 0.3220) ns/* (p = 0.0897)
C. 4 -0.4076 -1.1350 -0.7273 -0.3095 -0.3034
ns/x (p = 0.0590) *** (p < 0.0001) *** (p = 0.0009) ns/+ (p = 0.0936) ns/+ (p = 0.0868)
C5 -0.4701 -0.5979 -0.1278 -0.2071 0.1800
** (p = 0.0249) *x (p =0.0119) ns (p = 0.5961) ns (p = 0.2662) ns (p = 0.3227)
C_6 -0.5076 -0.7103 -0.2027 -0.1194 -0.07757
** (p = 0.0113) #*** (p = 0.0018) ns (p = 0.3731) ns (p = 0.5010) ns (p = 0.6547)
C7 -0.7360 -0.7448 -0.00879 -0.3603 0.1250
**x (p = 0.0003) *xx (p = 0.0012) ns (p = 0.9696) *x (p = 0.0445) ns (p = 0.4755)
C38 -0.5338 -0.7476 -0.2139 -0.2896 -0.1888
wx% (p = 0.0080) *xx (p = 0.0007) ns (p =0.3113) ns/x(p =0.0978) ns(p = 0.2643)
Co9 -0.1083 -0.5251 -0.4168 -0.5319 -0.2898
ns (p = 0.5820) =*x* (p = 0.0167) ns/* (p = 0.0503) =**x (p = 0.0025) ns/x (p = 0.0856)
C_10 -0.3008 -0.5836 -0.2828 -0.4322 -0.00741
ns (p = 0.1228) xx*x* (p = 0.0068) ns (p = 0.1831) ** (p = 0.0118) ns (p = 0.9646)
c 1 -0.4086 -0.5633 -0.1546 -0.3499 -0.1089
*x (p =0.0363) *x (p =0.0110) ns (p = 0.4768) ** (p = 0.0425) ns (p = 0.5185)
C_12 -0.4305 -0.5916 -0.1611 -0.2273 0.01861
*x (p = 0.0288) xx*x* (p = 0.0084) ns (p = 0.4658) ns (p = 0.1971) ns (p = 0.9130)
C_13 -0.2633 -1.0252 -0.7618 -0.2238 -0.1817

ns (p = 0.1870) =x*x* (p < 0.0001)

*** (p = 0.0005)

ns (p = 0.2033)

ns (p = 0.2842)
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C 14 -0.1130 -0.6276 -0.5146 -0.4218 -0.04957

ns (p = 0.6324) #*x* (p = 0.0316) ns/+ (p = 0.0758) *x (p = 0.0480) ns (p = 0.8141)
C_15 -0.5489 -0.9805 -0.4316 -0.4602 0.03182

xxx (p = 0.0074) *xx (p < 0.0001) ns/* (p =0.0808) =*x (p = 0.0123) ns (p = 0.8594)
C_16 -0.5320 -0.5334 -0.00148 -0. 3284 0.1029

xxx (p = 0.0072) **x (p = 0.0161) ns (p =0.9946) ns/x(p =0.0601) ns(p = 0.5436)
C_17 -0.3257 -0.4809 -0.1552 -0.1032 0.1039

ns (p =0.1113) =*x (p = 0.0388) ns (p = 0.5025) ns (p = 0.5705) ns (p = 0.5586)

Note: Statistical significance is indicated as follows: *** 0.01, ** 0.05, * 0.1, ns — not statistically significant.
Source: Own processing.

The results of the marginal means analysis indicate significant differences in responses between
generation X and generation Z. For this pair (X vs Z), p-values were lower than the established
significance level in all cases, indicating significant differences in responses to the examined
statements. The largest differences can be observed for C 4, C 13, and also for C_15
(p<0.0001), where the likelihood that generation X will respond neutrally or disagree with the
statement is approximately three times higher than for generation Z. These differences suggest
distinct attitudes of generation X compared to the youngest generation Z, as also evidenced by
the results presented in Table 4, where it was shown that generation X exhibits a higher level
of agreement with the statements, i.e., a higher degree of ethnocentrism.

The analysis of the two-category factors, place of residence and gender, yielded results that
confirm the consistency of the estimated marginal means with the previous interpretations
based on odds ratios (Table 4). For the place of residence factor, significant differences in
responses between rural and urban respondents were particularly observed for C_3, C_5, C_6,
C_12, C_13, and C_17, with respondents living in rural areas more frequently agreeing with
the examined statements. As previously mentioned, this result suggests a higher degree of
ethnocentrism among the rural population, which may be attributed to the traditional nature of
rural communities, often more homogeneous, with stronger social ties and less contact with
multicultural environments. In contrast, the gender factor did not prove to be a significant factor
in differences in respondents' responses.

5. Discussion

The presented article aims to contribute to the knowledge base of consumer ethnocentrism with
an emphasis on a specific methodological approach. The general results highlight the variability
of respondents in the context of individual statements, suggesting the need to examine the tool
not only based on the summative index but also within individual statements. In general, it can
be stated that the results confirm several studies focusing on age as a factor of consumer
ethnocentrism, where younger consumers are less ethnocentric [33,55,56]. The results for
generational affiliation suggest that there are significant differences among the examined
generations (X, Y, and Z). It can be concluded that consumers from Generation X have the
highest tendency to express agreement and show ethnocentric tendencies, followed by
Generation Y, and lastly, Generation Z. Generations Y and Z show the most similarity in
responses, as indicated by higher p-values, which in most cases exceeded the significance level.
The greatest agreement in responses can be observed for C_16, where the p-value was close to
1, indicating almost complete agreement between these generations. This finding may be the

Marian Cvirik, Grzegorz Maciejewski, Martina Kosikova, Katarina Gubiniova,
and Silvia Komara
Virtual Economics, Vol. 9, No. 1, 2026


http://www.virtual-economics.eu/

21
www.virtual-economics.eu ISSN 2657-4047 (online)

result of a similar social and cultural environment [56] in which these generations grew up,
shaping them towards greater openness [39] and a lower level of ethnocentrism. Similarities in
responses were also observed between Generations X and Y for certain statements (C_2, C 9,
C_ 10, C_13, C_14, and C_17). In these cases, the p-values exceeded the established
significance level, suggesting that there are statements with aligned attitudes between
Generations X and Y. This may be the result of generational overlap, where older members of
Generation Y may share values and opinions similar to those of Generation X [57]. The nature
of the statements suggests that differences between the generations can be identified in the
context of statements focusing on employment, patriotic tendencies, but not regarding attitudes
towards foreign products versus domestic ones. A higher level of agreement with the statements
was particularly observed in Generation X, which may be linked to their more traditional value
system, higher levels of patriotic tendencies [20], and less exposure to a diversified social
environment. This suggests that they have fewer opportunities to meet and interact with people
from different backgrounds, cultures, languages, and so on [58]. Generation X may have been
less exposed to the effects of globalisation [12,59], which could reinforce their inclination
towards ethnocentric attitudes. In contrast, Generations Y and Z, who grew up during a period
of expanded access to information based on digitalisation [60] and more intensive interaction
with multicultural environments [61], demonstrate greater openness to foreign countries and
cultures [62,63], reducing the likelihood of ethnocentric attitudes. In the context of residence,
it can be concluded that the findings align with other studies suggesting that rural consumers
are more ethnocentric than urban consumers [64]. Rural areas are often characterized by
traditional values [65], less cosmopolitanism [66], better access to domestic products [67], and
lower exposure to multicultural environments [68], which can foster higher levels of
ethnocentrism. In contrast, urban environments, with greater diversity, better access to
education, and more frequent interactions with diverse cultures, generally lead to more tolerant
and open-minded attitudes. These differences emphasize the importance of the socio-cultural
and regional context when analysing the attitudes of the population. In most of the analysed
statements, both men and women responded consistently and without significant differences,
which suggests that the gender dimension does not play a significant role in shaping attitudes
towards the analysed statements. This result, supported by other studies [69,70], may reflect
universal characteristics of attitudes that are relatively independent of gender factors in the
population, and it highlights that cultural or social factors (e.g., geographic environment) have
a greater influence on the examined attitudes than biological or gender effects.

The presented results also have important implications for the virtual economy. It is important
to note that older generations are not as affected by internationalisation, and digitalisation was
not as much a part of their lives as younger generations [71,72]. These effects may be reflected
in a higher level of ethnocentrism in older generations, which may also be supported by national
pride. In the online environment, consumers with a lower level of consumer ethnocentrism may
show a higher sensitivity to information about the country of origin (with an emphasis on the
domestic country of origin) and a preference for domestic e-shops [73]. Younger generations
absorbed in the online environment may show a higher level of cultural openness and
worldmindedness, which may also be reflected in a low level of ethnocentrism and a higher
demand for foreign production available in the online environment [74].

In the virtual economy, the identified differences in the context of residence may be related to
lower digitalisation in the countryside and a higher connection to local economic structures.
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Urban consumers, exposed to more intensive digitalisation and internationalised distribution
channels [75], may thus show a lower level of consumer ethnocentrism. Given the high
availability of products in the online environment, the stereotypical image of the role of women
as buyers is disappearing. The high increase in unified products may also contribute to the
neutralisation of this factor. Traditionally perceived stereotypical ideas about gender
differences are slowly disappearing due to the influence of gender equality, even in business
conditions [76]. The expansion of foreign brands in the online environment and the
effectiveness of digital marketing strategies may act to reduce ethnocentric tendencies in favor
of international products. A high level of ethnocentric tendencies may act as a barrier to the
internationalisation of e-commerce [73].

The results of the paper indicate the need for a segmented approach to online consumers.
Operators of e-shops and digital platforms can, based on segmentation strategies, create content
oriented towards using the degree of ethnocentric tendencies as a potential competitive
advantage and thus personalize marketing communication with an emphasis on building brand
trust [5,77].

6. Conclusions

The paper focuses on consumer ethnocentrism, which represents the preference for domestic
products based on the belief that purchasing them supports the local economy and employment,
and acts patriotically. The article offers a new perspective on the deeper examination of
consumer ethnocentrism. Consumer ethnocentrism was measured using the CETSCALE, with
an emphasis not only on the overall assessment but also on a detailed evaluation for each
element of the measuring tool. It can also be concluded that certain effects of generational
affiliation and residence (countryside vs. city) were observed. In contrast, the influence of
gender could not be demonstrated.

Market research and analysis of local consumer behaviour provide invaluable insights for
tailoring business and marketing strategies aimed at prosperity and profit. For marketing
management, this presents an opportunity to identify and leverage national identity as a key
element in communication strategies. The campaign should emphasize tradition, support for
local producers, and the local origin of products, thereby increasing both cognitive and
emotional engagement with existing and potential customers. Managers could also develop the
potential of consumer ethnocentrism to protect against foreign producers, thereby achieving a
competitive advantage in the domestic market. Based on the results, it is clear that these
campaigns should not be focused on a specific gender. However, their effectiveness can be
enhanced by generating different content tailored to the generational context as well as the type
of residence. While some segments may require a strategy focused on reminding and supporting
existing preferences, other segments may need to build awareness of the benefits of purchasing
domestic products. For older generations, elements of patriotism can be applied, while younger
generations may be more receptive to the country-of-origin effect, focusing on the qualities of
domestic products. Pricing strategies should emphasize value for money rather than the lowest
price, as the results suggest a willingness to pay a higher price.

The results point to the assumption of a low level of consumer ethnocentrism as well as the
influence of certain determinants in the partial effects of consumer ethnocentrism, which may
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represent a barrier to digitalisation, which must be considered by business managers. By
indicating the effects of ethnocentric tendencies in certain segments, it is possible to speculate
on the importance of applying ethnocentric tendencies in digital management when a new
orientation of consumers towards the "figital™ can be identified. It is the connection of the digital
and physical environments that brings a closer need to consider ethnocentric tendencies than in
the digital era.

The article has certain limitations, as it focuses only on one ethnic group. In the future, it would
be beneficial to extend the study to other countries and conduct an international comparison to
better understand global differences as well as the impact of culture. Additionally, the paper
concentrates on three determinants of consumer ethnocentrism. Future research could explore
other potential determinants of consumer ethnocentrism in greater depth.
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